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Automatic Entity Relation Extraction

CHE Wanrxiang, LIU Ting, L1 Sheng
(School of Conputer Science and Techrology , Harbin Inditute of Techrology , Harbin ,Heilongjiang 150001 ,Ching)

Abdract : Entity Relation Extraction is an importart research field in Irformation Bxtraction. Two kindsdof machine learning
agorithms, Winnow and Support Vector Machine (SVYM) , were used to extract entity relation from the training data of ACE
(Automeatic Content Bxtraction) Evauation 2004 autometicaly. Both of the adgorithms need gppropriate feature sdlection.

When two words around an entity were selected , the performance of the both dgorithms got the peak. The average weighted
FSoore of Winnow and SYM a gorithms were 73 08 % and 73. 27 % reectively. We can conclude that when the same fea

ture st is used, the perfformance of different machine learning a gorithms get little difference. S we shoud pay nore aten

tion to find better features when we use the automatic learning methods to extract the entity relaion.
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